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Abstract 
The rapid maturation of artificial intelligence (AI) — especially generative models and advanced 
machine-learning systems — is reshaping how languages are taught, learned, and assessed 
in higher education. AI tools now provide adaptive practice, immediate formative feedback, 
automated scoring, personalized content generation, pronunciation evaluation, and 
administrative support. These affordances promise greater access, scalability, and 
individualized pathways for learners, but they also create risks: validity threats in assessment, 
academic integrity challenges, inequities due to differential access, and ethical questions 
around transparency and data privacy. This article synthesizes recent empirical and policy 
literature to examine how AI tools are changing pedagogical practice and assessment design 
in university language programs, evaluates evidence on learning outcomes and measurement 
validity, and offers practical recommendations for instructors, programs, and institutions 
seeking to harness AI responsibly. Keywords: artificial intelligence, language learning, higher 
education, automated scoring, adaptive learning, assessment validity, academic integrity. 
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The entry of AI into the language-learning landscape has been abrupt and powerful. In 
classrooms and at the scale of platform providers, generative large language models (LLMs) 
and machine-learning-driven engines now produce interactive conversational partners, 
generate graded practice activities, and build adaptive courses that tailor sequences to 
individual learners’ moment-to-moment performance. Institutional pilots and scholarly reviews 
report that many instructors are already modifying course designs and, crucially, reshaping 
assessments to account for the affordances and misuses of AI. These design shifts range from 
altered learning outcomes and new assessment formats (e.g., more oral or in-class 
performance tasks) to embedding AI-detection and honor-code approaches into course policy. 
The literature documenting these rapid changes shows that roughly half of surveyed instructors 
reported using AI in their teaching practice and many have redesigned assessments in 
response.  
AI’s pedagogical promise in language education centers on personalization and feedback. 
Adaptive platforms use learner interaction data to identify knowledge gaps and adjust 
sequencing — targeting vocabulary, grammar structures, or communicative tasks precisely 
where a learner struggles. Generative chatbots and conversational agents provide low-stakes 
opportunities for fluency practice; pronunciation engines give immediate acoustic feedback; 
automated writing evaluators produce diagnostic comments on grammar, cohesion, and 
coherence within seconds. For large classes or remote learners these features are 
transformative because they multiply individualized practice beyond what a single instructor 
could offer. Platform-scale experiments and provider reports — for example, language 
platforms that have adopted “AI-first” approaches to content creation and sequencing — show 
accelerated course creation and the capacity to scale offerings into many new languages and 
contexts, broadening access for learners worldwide.  
Measured learning outcomes, however, present a mixed picture. Meta-analyses and 
systematic reviews conducted since 2023 reveal heterogeneity in effects: some trials show 
modest gains in vocabulary and grammar accuracy when AI tools are used as a supplement 
to instruction, while other studies find negligible differences or benefits restricted to learner 
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engagement and motivation rather than deeper linguistic competence. A recent meta-analysis 
covering studies through early 2025 finds that AI chatbots and LLM-based supports can 
improve certain aspects of performance and higher-order thinking in some contexts, but effects 
vary with implementation fidelity, the nature of instructor scaffolding, and learner 
characteristics. In short, AI tools can help — but they are not a universal cure; their impact 
depends heavily on integration into course design and sustained pedagogical oversight.  
Assessment and measurement face the most contested terrain. Automated scoring systems 
have a long history in large-scale testing, with engines such as ETS’s e-rater used operationally 
for TOEFL® and GRE® writing measures for decades. Those systems rely on a set of 
engineered linguistic features (lexical sophistication, syntactic complexity, organization, 
grammaticality) and statistical models trained to predict human holistic scores; where 
appropriately calibrated, automated scorers can reach agreement levels comparable to inter-
rater agreement among humans for certain tasks. Yet automated scorers measure aspects of 
writing that align with product-oriented constructs; they can be less sensitive to creativity, depth 
of argumentation, and the nuances of pragmatic competence that human raters capture. The 
arrival of more powerful generative models complicates matters further: when students use 
generative AI to produce text, scorers may still assign high marks to superficially well-formed 
responses while missing the difference between student-constructed knowledge and AI-
assembled language. Thus, the validity of many current assessments is under threat unless 
assessment designers revisit constructs, task formats, and scoring strategies.  
Academic integrity and authenticity concerns are central. Students’ use of generative AI for 
drafting essays, translating answers, or creating spoken-language transcripts raises questions 
about authorship, ownership of ideas, and the measurement of students’ true abilities. Surveys 
of students and faculty indicate widespread usage of AI tools, with a nontrivial share of students 
acknowledging covert use and instructors expressing uncertainty about detection and sanction 
policies. While detection tools are improving, they are imperfect and can produce false 
positives (e.g., flagging nonnative constructions as AI-generated) or false negatives when 
students prompt and heavily edit model outputs. Rather than relying solely on detection, many 
educators are shifting toward assessment designs that minimize the benefits of surreptitious 
AI use: tightly constrained in-class or proctored spoken performance tasks, staged portfolios 
with documented process work, oral examinations, and assignments that require reflection on 
the learning process. These designs emphasize authenticity and make it harder to substitute 
AI output for student work.  
Equity and access must not be overlooked. Although AI-powered platforms can democratize 
access to high-quality practice (for example, by rapidly producing new courses in previously 
underserved languages), unequal access to high-speed internet, modern devices, or paid 
premium AI services risks widening existing gaps. Moreover, machine-learning models 
themselves can encode biases: training data skewed toward dominant language varieties may 
handicap learners of less-represented dialects or cultural varieties, and scoring models trained 
on particular populations may perform less well for learners with different rhetorical 
conventions. Institutions should therefore adopt equity-minded procurement and 
implementation policies that include accessibility standards, multilingual testing of models, and 
transparent documentation of dataset composition where possible.  
Policy, governance, and ethical practice are emerging as critical structural responses. National 
and institutional policy documents recommend clarity around acceptable use, student 
education about responsible AI practices, transparency from vendors, and guidance on data 
privacy and consent. The U.S. Department of Education and other agencies emphasize the 
need for explainability in learner-facing systems and for policies that protect students’ personal 
data while allowing educators to benefit from AI’s affordances. Institutional governance should 
involve multi-stakeholder committees (faculty, assessment specialists, legal counsel, student 
representatives) to evaluate tools before adoption, establish data-retention and privacy rules, 
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and develop faculty development programs that teach how to integrate AI into syllabi and 
assessment legally and pedagogically.  
What practical guidance can instructors and programs adopt now? First, treat AI as a tool that 
should be intentionally integrated, not an add-on. Align tasks and rubrics to learning outcomes 
that matter (e.g., communicative competence, spontaneous oral performance, critical 
reflection) and choose formats that preserve construct-relevant measurement (e.g., in-person 
or proctored oral assessments for speaking ability; staged drafts with process logs for writing). 
Second, combine automated and human scoring strategically: use automated scorers to 
provide immediate formative feedback while reserving human evaluation for high-stakes 
summative judgments or dimensions that automated systems measure poorly. ETS’s 
longstanding approach exemplifies this hybrid model, where automated engines flag features 
and provide formative comments, and human raters adjudicate complex dimensions. Third, 
educate learners about ethical AI use and build assignments that require reflection on sources, 
process, and learning — tasks where AI can assist but not replace deep engagement. Finally, 
conduct local validation studies before deploying automated scoring for grading: check for 
differential performance across subgroups, task types, and prompt variations.  
Institutions must also invest in faculty development. Many instructors lack the time or training 
to redesign assessments or interpret automated feedback systems critically. Professional 
development should provide hands-on experience with platforms, rubrics re-design workshops, 
and forums to share best practices. Administrative leaders should consider incentives and 
workload credit for faculty who undertake the time-consuming work of piloting new assessment 
models and validating automated measures, since sound implementation is resource-intensive 
but necessary to maintain both fairness and academic standards.  
On the research frontier, several urgent questions remain. We need more robust randomized 
controlled trials and longitudinal studies that track language gains — not just engagement or 
short-term vocabulary improvement — across diverse learner populations and contexts. 
Research should also unpack how instructor scaffolding mediates AI effectiveness: when do 
chatbots become practice partners versus crutches? How can we design prompts, feedback 
loops, and scaffolds that promote productive use? Additionally, there is a methodological need 
to evaluate automated scoring against rich, construct-valid human judgments, exploring where 
disagreements occur and why. Recent systematic reviews and meta-analyses are beginning 
to collate this evidence base, but heterogeneity in methods and outcomes still limits firm 
conclusions.  
To close, AI-powered tools are neither an unalloyed good nor an existential threat to language 
education; they are powerful instruments whose educational value depends on design, 
governance, and the integrity of assessment systems. When used thoughtfully — with attention 
to validity, equity, privacy, and academic honesty — AI can augment instruction by providing 
scalable practice, timely feedback, and customized learning pathways. However, institutions 
and educators must actively redesign assessment constructs and invest in faculty training, 
local validation, and policy frameworks that protect learners and maintain the credibility of 
qualifications. The future of language education in higher education will likely be hybrid: 
instructors, humans, and machines working in concert, with careful stewardship ensuring that 
the central goals of language learning — communicative competence, critical thinking, and 
intercultural understanding — remain paramount. 
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